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Abstract 
With new technologies being readily available, it has become simpler to conduct surveys of all kinds. In addition, 
the focus of the data users has shifted from “how has the data been collected?, what are potential biases? and is the 
data valid enough?” to “how easily can the data be accessed?, how cheap is it? and does it support my ideas and 
actions?”. This development can also be observed in mobility surveys. It is too easy to forget that everyday mobility 
is an integral part of our lives, is important to people, needs motivation and care when surveyed, and requires good 
survey methodology. 
This paper demonstrates that the basic requirements for valid mobility surveys have not changed much over the 
last four decades. In addition, it quantifies two effects rarely discussed in the international survey literature: 1) 
survey management as a whole does have an impact on the quality of results, and 2) lower response rates and smaller 
samples of completed surveys do not only have wider levels of statistical confidence but also noisier results. 
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1. The respondent 
Only very few (if any) potential respondents wake up in the morning with the desire to become involved in a 
survey. Consequently, we cannot expect immediate agreement on participation; rather, we have to work hard to 
achieve it. In doing this, we need to be aware of a few principles. The most important principle is that a survey is a 
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specific form of social interaction (Brög et al., 1977). All rules of such social interactions apply, and have to be 
abided by. This means, first and foremost, that we need to treat our respondents like partners in a social interaction. 
They are not a nuisance, or enemies, or our victims; rather, they are our customers. “Respondents are Customers” 
was the theme of the Fifth International Conference on Survey Methods 1997 (see Brög, 1997). The effect of this 
effort was limited, and it is timely to remember that without respondents we would have no surveys and no survey 
conferences. 
If, however, we wish to conduct surveys with the respondents in mind, a major shift in conventional practices is 
indicated. It is not the interests of the researcher that have priority, with those of the respondents being adjusted, but 
the opposite: respondents always come first, and the interests of the researcher have to fit. This includes limiting 
response burdens as well as very careful and considerate use of new technologies. For many researchers this seems 
to be too complicated and too expensive, but in the end, it is always worthwhile (Ampt and Brög, 1982). 
This applies to the choice of the survey method. Too often a method is chosen which is convenient for the 
researchers, and little thought is given to the situation of the respondents. But if we want to motivate the respondents 
to participate honestly and with interest, we need to provide circumstances which are respondent friendly. For that 
purpose, we have developed a design (KONTIV®-Design; see Brög et al., 1983) which matches these criteria. It 
understands that daily mobility is an important part of people’s lives. It uses a design which enables the respondents 
to be self-determined and fully aware of the whole survey process, and uses a self-administered diary in a mailback 
format. The respondents have the freedom to respond when it is convenient for them, they have time, and can give 
thoughtful answers, they know what is expected of them, they can consult with friends or the research organisation, 
and they can be motivated to participate in many ways. Respondents are taken seriously and treated as partners. 
Socialdata has been applying this design for over 40 years in 13 countries, always for all household members, and 
in the last 25 years with no age limit. During that time Socialdata conducted 1,300 mobility surveys with 2.4 million 
respondents and an overall response rate of 72%. In Germany there are currently KONTIV®-surveys operating in 
four cities, running year round (every calendar day is a sample day), which have been going for more than 20 years. 
The total sample is around 5,000 respondents per year. 
The organisation of these surveys is assigned to one or more regional field offices. In 2013, we changed the 
structure of these field offices which provided a special opportunity to measure the effect of survey management on 
survey success, a topic rarely dealt with in the international literature on survey methodology. 
The indicators used to measure the quality of surveys are the response rate and the correctness and completeness 
of the responses. According to the design used (self-administered mailback), the response rate is an honest indicator 
of the motivation of the respondents as size and speed of response correlate with motivation, the quality of the 
responses and their willingness to participate with number of missing or false entries, and non-reported trips 
correlate with interest. 
A broad discussion of response rates is provided by Axhausen et al. (2015) and an intense discussion of their 
effect on mobility indicators in Madre et al. (2006). 
2. The experiment 
Until June 2013 Socialdata had its main field office in the centre of Germany and two smaller offices to the east 
and west. The response rates for our ongoing mobility surveys were, until 2008, at or above 80%, and until 2012 
around 70%. In the first half of 2013 the response rate dropped slightly to 67%.  
In 2013 we decided to consolidate all field offices and to establish a new main field office. The start of the new 
main field office was, for our standards, very disappointing. Despite all our efforts, all the training which was given, 
and all the support we provided, the response rate dropped (with procedures unchanged) to 54%. The only variables 
that had changed were the survey management and the people who conducted and supervised the surveys. 
In order to improve the response rate we conducted an experiment called COUPE (COntrolling the procedures, 
UPdating the techniques, Evaluating the processes). We selected a random sample of 1,680 people, sent our best 
supervisors, and applied the full array of KONTIV®-Instruments. We applied the New KONTIV®-Design (NKD) 
(Brög, 1996), where the telephone is used to motivate and guide respondents, but not to interview them. 
The results did not fully meet expectations. As shown in Table 1, the overall response rate was 66%; for 
households with listed phone number 72%, and for those without 62%. Taking into account that motivation via 
100   Werner Brög /  Transportation Research Procedia  11 ( 2015 )  98 – 107 
telephone is a powerful tool when executed correctly, the 72% was rather disappointing when the response rate 
without telephone contact was 62%. 
Table 1. COUPE – Response. 
Persons Total With (listed) 
telephone number 
Without (listed) 
telephone number 
Mail-out gross sample 1,680 586 1,094 
Sample loss1 354 75 279 
Adjusted gross sample 1,326 511 815 
Returns  875 370 505 
Response rate 66% 72% 62% 
1 Sample loss: Moved away; deceased; not a private address, etc. 
 
For experimental reasons, we also tried to understand the maximum response rate. We did this in two ways: we 
analysed all our processes (see later), and in a limited number of cases we sent interviewers to non-respondents to 
collect the information face-to-face. The three lessons learnt in this exercise were that there is always undiscovered 
sample loss in a mailback survey, that it is possible to successfully contact about one third of the non-respondents, 
and that many of the non-respondents would have responded anyway at a slightly later time, or after some better 
motivation or explanation. Taking this into account, and building on experiences with survey management (see 
later), the expected maximum response to a survey with the New KONTIV®-Design is around 85%. This is similar 
to the response rate between 1988 and 2008, but today it requires much more effort to achieve. 
Table 2. COUPE – Response with follow ups (face-to-face). 
Persons Standard With follow up 
Mail-out gross sample 1,680 1,680 
Sample loss1 354 3632 
Adjusted gross sample 1,326 1,317 
Returns 875 902 
Response rate 66% 69% 
1 Sample loss: Moved away; deceased; not a private address, etc. 
2 With more effort for contact comes more information about sample loss. 
 
The KONTIV®-Design defines a whole range of measures to achieve the response rate such as clearly structured 
diaries, semi-structured and fully understandable questions, a system of official and personal letters and materials of 
a specific design, and a system of sample days reallocated in a weekly rhythm, thus executing a systematic protocol 
with exact times for mailing, reminding and calling. How many of these measures are used is always a calculation of 
cost against result. But the idea of the COUPE-project was to use all of the measures, use them correctly, and 
evaluate the effects, and in doing this, provide the basis for streamlining the survey processes, in order to make them 
more cost effective. 
The mobility survey allocated a specific sample day to each respondent. If the respondent did not respond, they 
were given a new sample day exactly one week later (precise execution means that everything in between had to 
happen within one week) and this procedure was repeated over a period of seven weeks. 
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Table 3. COUPE – Response by action. 
 Response rate Cumulative 
Quick response 21% 21% 
Main mailing 9% 30% 
First reminder 
 
12% 42% 
Second reminder 4% 46% 
New mailing 11% 57% 
Reminders 3, 4, new mailing (on demand) 9% 66% 
Extra (limited face-to-face) 3% 69% 
 
As shown in Table 3, about one fifth of the total sample responded immediately, that is on the sample day or the 
day after. The total response to the main mailing was 30%. In the next two weeks, two reminders were sent, 
allocating new sample days respectively with a cumulative response rate of 46%. Then the questionnaires were sent 
again (new mailing) and the total response rate increased to 57%. Further reminders and new mailings on demand 
led to the final response rate of 66%, and 69% with selected face-to-face interviews. If face-to-face interviews had 
been applied to all non-respondents to the mailback, the total response would have been close to 80%. 
3. The survey management 
The COUPE-Project was designed for sample days to be spread over four weeks (waves). In the first two weeks 
the research directors were involved personally, and a working plan “by the minute” was established with all staff 
having daily briefings in the morning with the results from the day before and motivational meetings in the evening. 
The aim of this staff training was to make staff “hungry for success” and to give them energy to stimulate responses. 
Only when there is energy on the one side will it spill over to the other side. 
After two weeks, everyone, including the local supervisors, insisted that they knew exactly what to do, expected 
no further problems, were able to motivate all staff and the respondents, and did not need further support by the 
research directors. Therefore it was decided that the new field office would continue without supervision by the 
research directors. The result, however, was a slight drop of intensity, a little more relaxation, a little less energy, and 
consequently, a drop in the response rate of an average of 10% compared to the first two waves: 69% to 63% in the 
second two waves (Table 4). 
Table 4. Impact of survey management on response rates. 
   Response rate 
Old field office  2012 69% 
 First half of 2013 67% 
New field office    
 July, August, September 2013 54% 
COUPE (New field office) October   
First half 2013 69% 
 Second half 2013 63% 
New field office    
 November, December 2013 54% 
New staff, revised organisation Full year 2014 66% 
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As soon as the COUPE-Project was completed, old behavioural patterns emerged again, and the response fell to 
the previous level of 54% in the months of November and December and especially in November, which in 
Germany, is the best month for surveys. This constitutes proof that beyond all important discussions of survey 
concepts, designs, instruments, questions, and conduct,, there are also factors such as survey management, survey 
supervision, and survey staff (and the energy staff impose on the respondents) which have a strong impact on the 
success of a survey. It is beyond the scope of this paper to describe all organisational detail which was right or 
wrong. We will do that elsewhere, because this topic is very important and seems to be under-represented in the 
published literature on mobility surveys. But the consequence was clear. We changed the people, carefully selected 
and trained new staff, and achieved a response rate similar to the time before field office change. In 2015, with the 
same precision, the same motivation and hard work, we are optimistic that we can maintain a response rate at or 
above 65%. 
4. The survey validation 
The response rate is one indicator of survey quality. Another important indicator is correctness and completeness 
of survey entries. It is well known that diaries are filled in incompletely and sometimes incorrectly. Therefore, the 
New KONTIV®-Design applies a tool called “Completion and Correction”. It is the systematic manual check of all 
incoming diaries and the clarification of all uncertainties by follow-up phone calls with the responding households. 
In the questionnaire, provision is made for households to provide a phone number for questions, and 70-80% of 
households do so. Together with households with listed phone numbers this results in a pool of about 85% of 
households for follow-up calls. The response rate of these calls is high, normally around 90%, which means that 70-
80% of all diaries can be validated by completion and correction. This allows the identification of non-reported trips 
relatively precisely, and the calculation of appropriate correction factors for all households. Once the non-reported 
trips are corrected for, sociodemographic weighting can be applied. 
To demonstrate the effect of these important steps of a mobility survey, we use another database comprised of our 
continuous mobility surveys for four German cities over a period of eight years (2002 to 2009), with a response rate 
of 83% and a total sample size of 35,679 people. Although the response rate is very high, there is still one sixth of 
the gross sample which did not respond. It would be naive to assume that non-respondents have the same behaviour 
as the respondents. Therefore, non-response surveys and analyses are standard in the New KONTIV®-Design. 
Mostly, we try in a subsample to get higher response rates, calculate the effects and apply suitable factors to the 
total. In our large database a non-response survey with about 2,000 cases achieved 91% response. We then estimated 
the effect of the 9% still missing, and corrected for the total. 
The effects of correction for non-reported trips, non-response and weighting by day, month, sociodemographics 
and ratio of households with and without listed telephone numbers can be seen in Tables 5, 6 and 7. Non-reported 
trips account for about 15%. However, it has to be noted that these are only “genuine” non-reported trips, which 
have been found in validation interviews. The “ordinary” non-reported trips such as trip back home or splitting of 
journeys are already corrected for in the original response. Together, both factors are 20-30% of all trips. The 
research into this effect has improved over time, and more non-reported trips can now be identified (Brög et al., 
1982).  
Table 5. Survey validation – Mobility. 
Per person Original response Correction of  
non-reported trips 
Weighting Correction of 
 non-response 
Share of mobiles 70% 80% 80% 80% 
Activities 1.46 1.68 1.72 1.67 
Trips 2.60 3.00 3.05 2.96 
Travel time / day (min) 57 65 66 64 
Distance / day (km); everyday mobility 17 19 20 19 
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While the effects of all correction procedures on mode choice are relatively modest (Table 6), they are more 
significant on trip purposes (Table 7). 
Table 6. Survey validation – Mode choice. 
Mode choice Original response Non-reported trips Weighting Non-response 
Walking 29% 31% 30% 29% 
Bicycle 11% 11% 11% 11% 
Motorcycle 0% 1% 0% 1% 
Car as driver 34% 32% 32% 32% 
Car as passenger 11% 11% 12% 12% 
Public transport 15% 14% 15% 15% 
TOTAL 100% 100% 100% 100% 
 
Table 7. Survey validation – Trip purpose. 
Trip purpose Original response Non-reported trips Weighting Non-response 
Work 16% 15% 17% 17% 
Work-related business 3% 3% 3% 3% 
Education 6% 7% 10% 10% 
Shopping 28% 28% 24% 24% 
Personal business 8% 7% 6% 6% 
Escort 4% 4% 5% 5% 
Leisure 35% 36% 35% 35% 
TOTAL 100% 100% 100% 100% 
 
But it is important to remember that these are surveys with high overall response rates. High response rate means 
that few people had problems or lacked motivation to participate, and consequently, the surveys were very 
respondent-orientated. The result is more consistent data: high response rates always come with lower numbers of 
missing items or wrong entries or non-reported trips. Surveys which achieve low response rates due to poor design 
have much greater problems (Brög, 2014). 
In Germany response rates are presently much lower (around 20%) and non-response considerations are based on 
surveys which achieve only another 20% of the non-response, such as a total response rate of around 40% (Ahrens et 
al., 2014). A similar concept is used by the national mobility survey in Austria (Fellendorf et al., 2011). 
A different approach has been taken in the Netherlands. Calculation of and correction for non-reported trips and 
non-response was an integral part of the revised design for the national mobility survey (MON 2004-2009; see 
Ministerie van Verkeer en Waterstaat, etc.), and has been applied with great success and improved the quality of data 
collected. 
5. The response 
Mailback surveys have another advantage, which is often underestimated or ignored: they can measure the speed 
of response. If it is true that motivation is a key indicator for response, then the speed of response can be used as a 
scale of response quality. We can cut off the response at certain response rates (see Table 3) and simulate surveys 
with lower response rates. 
In our large survey we were able to simulate five response stages of 24%, 40%, 55%, 83% and the “total” (see 
Tables 8, 9 and 10). The results show that the response rate has a significant impact on mobility indicators in self-
completed mailback surveys. This effect is well documented (see Brög and Meyburg, 1981) and has not changed 
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since. Its impact will be different for different survey methods, but the size will be similar. The trip rate drops by 
15%, in the present case, with higher response. There is always speculation that late respondents are simply lazy and 
do not report all of their trips. This is definitely not the case (Brög, 2015). 
The impact on modes used and trip purpose seems to be lower than on mobility rates (see Tables 8, 9 and 10). 
However, this does not mean that these results are more robust. 
   Table 8. Effect of response rate – Mobility. 
Response rate 
 
Per person 
24% 40% 55% 83% 100% 
(estimated) 
Share of mobiles 84% 82% 83% 80% 80% 
Activities 1.96 1.88 1.86 1.72 1.67 
Trips 3.45 3.31 3.28 3.05 2.96 
 
   Table 9. Effect of response rate – Mode choice. 
Response rate 24% 40% 55% 83% 100% 
(estimated) 
Walking 30% 29% 29% 30% 29% 
Bicycle 11% 12% 11% 11% 11% 
Motorcycle 1% 0% 0% 0% 1% 
Car as driver 33% 33% 33% 32% 32% 
Car as passenger 11% 11% 12% 12% 12% 
Public transport 14% 15% 15% 15% 15% 
TOTAL 100% 100% 100 100% 100% 
 
   Table 10. Effect of response rate – Trip purpose. 
Response rate 24% 40% 55% 83% 100% 
(estimated) 
Work 16% 16% 16% 17% 17% 
Work-related business 3% 3% 3% 3% 3% 
Education 8% 9% 9% 10% 10% 
Shopping 25% 24% 24% 24% 24% 
Personal business 7% 7% 7% 6% 6% 
Escort 4% 4% 5% 5% 5% 
Leisure 37% 37% 36% 35% 35% 
TOTAL 100% 100% 100% 100% 100% 
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6. The experimental samples 
To check for the robustness of the mobility indicators presented, we take the perspective of a data user or 
customer. Data users would normally contract a smaller sample (in Germany often around 1,000 to 1,500 persons 
net), usually accept a low response rate (in Germany around 20%-30%), and use confidence levels (mostly at 95%) 
to test the validity (in their view “correctness”) of the data. To simulate this situation, we divided our large sample 
randomly into eight subsamples to get common sample sizes for common response rates.  
Table 11. Experimental samples – Sample sizes. 
Persons Total Sample 1 Sample 2 Sample 3 Sample 4 Sample 5 Sample 6 Sample 7 Sample 8 
24% 11,586 1,455 1,409 1,465 1,409 1,439 1,512 1,523 1,374 
40% 19,045 2,392 2,351 2,482 2,328 2,385 2,420 2,357 2,330 
55% 23,647 2,954 2,999 3,043 2,881 2,989 2,956 2,934 2,891 
83% 35,679 4,414 4,530 4,557 4,434 4,499 4,451 4,383 4,411 
 
The advantage of this exercise is that we have the same eight subsamples at different response rates (24%, 40%, 
55%, 83%), as shown in Table 11. This allows us to calculate the statistical confidence of variables in each 
subsample and to measure the effects of non-response beyond the results of Tables 8, 9 and 10 with relatively large 
numbers. 
The selected mobility indicators for the eight experimental samples at the 83% response level in Table 12 show 
that all results are very close together: random samples of 4,000 people and more provide relatively solid results, 
when a solid survey methodology is applied. 
Table 12. Experimental samples – Mode choice and trip purpose. 
 Total Sample 1 Sample 2 Sample 3 Sample 4 Sample 5 Sample 6 Sample 7 Sample 8 
Share of mobiles 80.3% 81.9% 80.9% 80.7% 80.6% 79.9% 79.5% 79.6% 79.4% 
          
Mode choice          
Walking 29.5% 30.0% 29.1% 29.8% 30.0% 28.5% 29.7% 28.7% 29.9% 
Bicycle 11.1% 11.3% 11.1% 10.9% 11.2% 11.3% 11.1% 10.9% 10.9% 
Motorcycle 0.5% 0.4% 0.5% 0.4% 0.5% 0.7% 0.6% 0.4% 0.6% 
Car as driver 32.3% 31.3% 32.7% 32.6% 31.6% 32.2% 32.6% 32.8% 32.5% 
Car as passenger 11.8% 11.8% 12.3% 11.9% 11.7% 11.7% 11.5% 12.1% 11.7% 
Public transport 14.8% 15.2% 14.3% 14.4% 15.0% 15.6% 14.5% 15.1% 14.4% 
TOTAL 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 
          
Trip purpose          
Work 16.6% 16.8% 17.1% 16.3% 16.2% 16.4% 16.6% 16.7% 17.0% 
Work-related business 2.7% 2.2% 2.7% 2.7% 2.7% 2.5% 2.7% 2.9% 2.8% 
Education 9.7% 9.7% 9.5% 9.7% 9.9% 9.8% 9.4% 9.5% 9.8% 
Shopping 24.5% 24.3% 24.1% 23.7% 25.0% 24.4% 24.9% 25.1% 24.4% 
Personal business 6.4% 6.3% 6.5% 6.8% 6.6% 6.1% 6.6% 6.5% 6.1% 
Escort 4.7% 5.2% 4.4% 5.0% 4.3% 4.7% 4.6% 4.5% 4.6% 
Leisure 35.4% 35.5% 35.7% 35.8% 35.3% 36.1% 35.2% 34.8% 35.3% 
TOTAL 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 
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But although the response rate is very high, there are still results outside the 95% confidence level such as share 
of mobiles in sample 1; walking in sample 5 and 7; car as driver in sample 1; public transport in sample 5; shopping 
in sample 3; and escort in sample 1. It is common knowledge, but still important to remember that a sample is a 
sample, and a 100% response is needed to reflect reality within the statistical limits. It is very likely that 
uncertainties arise when the response rate is not 100%, and increase as the response rate decreases. 
To demonstrate this effect, we calculated the number of observations outside the 95% confidence level against the 
total of all eight samples for each response rate. We then checked in how many subsamples all 14 values were within 
this level. 
At the 83% response rate there are only two samples (2 and 8) where all 14 values are within the 95% confidence 
level. For a limited (yet important) set of variables, there is only a one in four chance of “total confidence”. From the 
112 values we consider (14 values x 8 samples), 13 are not within the confidence levels (about 12%). Seven 
subsamples were within the limits for the share of mobiles and four for mode choice or trip purpose.  
Table 13. Experimental samples – Samples and values within 95% confidence level. 
Response rate 83% 55% 40% 24% 
Number of values outside 
confidence level (95%) 
 
13 
 
20 
 
23 
 
35 
Number of samples where all values 
are within confidence level 
    
- Share of mobiles 7 6 5 3 
- Mode choice 4 1 1 - 
- Trip purpose 4 4 3 1 
Values within confidence level 88% 82% 79% 69% 
 
Table 13, with the eight samples at lower response rates, shows that the results get noisier as the response rate 
decreases.  
At the 24% response rate, there is no sample where all values are within the 95% level, and nearly a third of the 
values are outside the boundary. For mode choice, every sample has at least one value which is beyond the limits of 
statistical confidence for this sample size. In summary, only two thirds of the 112 observations were within the 95% 
confidence level at the 24% response rate and one out of eight was still outside at the 83% response rate. This adds 
to the observations of Section 5, which show a general difference in results by response rate, and puts further weight 
on every effort to achieve response rates of more than 55% in surveys on daily mobility. 
As all our clients for ongoing mobility surveys are public transport operators, we look at the use of public 
transport specifically. One prominent indicator is public transport trips per person per year. The calculation of this 
indicator takes into account that most people are not in their hometown for all 365 days of a year.  
Table 14. Experimental samples – Public transport use 
 Eight experimental samples 
Public transport at 83% response at 24% response 
Trips per person / year 154 168 
Highest value 161 185 
Lowest value 150 152 
95% level 148 - 161 156 - 179 
 
Our database shows 154 public transport trips per person per year at the 83% response rate and 168 at the 24% 
response rate (Table 14). When the response rate is high, all eight values of the subsamples are within the level of 
confidence. In the case of a low response rate, uncertainty broadens to 23 trips per person per year instead of 13, yet 
the highest and lowest values from the subsamples are still outside this boundary. A sample with low response not 
only provides indicators which are further away from correct results, but also with greater uncertainty, even beyond 
an already broader level of confidence. 
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After the estimate for correction of non-response (see Section 4) there would be 151 public transport trips per 
person per year as a “correct” number. In a city with one million inhabitants, that would translate into 151 million 
public transport yearly trips. 
A sample with 83% response rate would provide a result between 150 and 161 million yearly trips. This is a 
reasonable basis for entrepreneurial decisions. A sample with a response rate of 24% would, however, provide some 
difficulties for the operator because their counts and sales statistics would fall short of patronage estimates from the 
survey in the range of up to 185 million customers (or 34 million trips too many). 
7. Conclusion 
Surveys on daily mobility have an ambitious focus. They want to measure a significant part of their respondents’ 
life, and they need to accept that these respondents are real people and not just answering machines. 
This calls for truly respondent-orientated designs, careful execution, and a survey management with a precise 
organisation and a strong staff orientation. Even when these factors are in place, conducting surveys is still hard 
work, but achieves good response rates. The principles for this work have not changed with the availability of new 
technologies. Respondents prefer to participate in a self-determined manner and as partners instead of objects. It is 
an exciting challenge to combine old principles with new technologies, but the effort will pay off. 
Stable, solid results, which are as close to reality as possible, are conditional on good response rates. Low 
response rates are undesirable in two respects: the artefacts they produce are greater, and their results are more 
ambiguous. This ambiguity is beyond the scope of traditional statistical indicators. Serious transport system 
planning, behavioural modelling and demand analysis deserve better data. 
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